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Studying of the Feasibility to Predict the Equation of the Transfer

Function of Control Systems using Artificial Neural Networks
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Abstract

In the case that the system operators have the necessity to modify the working function of the automatic
control system, the system operators have to know the equation of the transfer function of the system. The
feasibility to apply the technique of artificial neural networks to predict the equation of the transfer function of
control systems was studied. The results revealed that suitably designed artificial neural networks which were well

trained using high quality data could show the impressive works.
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