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Recruiting Ranked Agents for Reverse Supply Chain
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Abstract

In order to build successful system for recycling post-consumer products, it is often important to concentrate the
materials from many collection points first. By expanding the collection network over time, the recycler will benefit from
growing collection volume while attempting to minimize the cost. This paper discusses complexity of the decisions that
utilizes investment in recruiting effort. The recruitment model is posed as stochastic dynamic programming problem.
This model addresses all the decisions from the processor who is responsible for recruiting the suppliers to join the
network. An important point of this model is the behavior of the suppliers whose willingness to join the network is
modeled as Markov Process. These suppliers’ order of preference has been predetermined and accounted for in the

model. Optimal algorithm is developed to solve this problem, and its performance is examined.

Keywords : recycling post-consumer products, collection network, recruiting effort
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